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2) https://github.com/SKTBrain/KoBERT

<E 1> 8% oolgel 7
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A 24 28 8 10 701 24 - 30

B 45 53 26 13 137 18 - 23

C 17 6 13 5 41 15 - 17

D 15 9 15 17 56 0-14
A 101 96 62 45 304
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3) https://scikit-learn.org/stable/
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A 8% (average accuracy)S A& Ul

<3d 1> (*l), <E 2> (of2ll) ‘H A’ H2E
Cll ole{oll A 2 KoBERT, NB, LR ol & M5 H|

EKoBERT mNE ALR

A48 74 KoBERT NB LR
2 43.5% 456% | 36.6%
AHH+EH 47.3% 46.8% | 46.7%
HA+M S 46.7% 455% | 41.6%
A+ = 47.3% 447% | 40.5%
HA+(dH, 43, d5) 46.4% 476% | 42.7%
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SN
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B KoBERT @NE EILR

4 74 KoBERT NB LR
= 60.7% | 59.3% | 54.2%
A =Z+HH 61.6% | 57.2% | 50.0%
dE+M3 58.0% | 55.3% | 57.3%
=+ 64.3% | 572% | 56.4%
HE+(EH, 843, 2H) 652% | 56.2% | 59.4%
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