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Algorithm 1. Q-learning method

Initialize Q(s,a)
for each episode do

Initialize initial state s,, reward r,
T—-1 do

The controller acquires information about vehicles’ tasks

Fortimeslot t=1 to t =

and VECSs by interacting with the environment
If the random number < e:
a, = argmax,Q(s;, a;)
else:
Randomly select action a,
Execute a, at VECS controller, observe 1, and s;,;
Compute the Q value according to (12)

Agent obtains an optimal policy

Terminate when all the vehicles are out of simulation region

end for
end for
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