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HeYd €18]E T DCNN(DeConvolutional Neural Network)2 o|u]| %] d2Adgh 3y -2 5
kst EofolA Hold A5S RoFa . DOCNN2 #2 49 dHolgHE #Edz AHad & 3
7] w&el st=dol®z AAs= Aol f&sith. HZ DCNNO st=dlol Fx AFdAs
overlapping sum wAlE 237 ¢ deconvolution ZE]E  convolution ZEZ W3}
TDC(Transforming the Deconvolutional layer into the Convolutional layer) &ilz]&o] A|<HE S
32w TDCE CPU(Central Processing Unit)® <33}7] wj&o] dAAbe] HZH 371 o 9, ]—r
22 & ARgsl7ldl F7HAQ1 Aol AR oo & m=FolAe AMHEOLR F5H F AU
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1. M2 2. 28
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Network)Z 9772 Bt e vl wofel Hof deconvolution ZEE = 7|7} S(stride)e] #|#F 7H 9]

AME EEHoE AHYst

Zo]t}3]. H&¥ convolution EELS
3 9QUH1, 2. CNNE 283 ojuxE d-Ad

A717F KZ<Q convolution ZE 2 Wgals

Aol gloem=z TDC AA4re WaAz 3=

@ 3l+= DCNN (DeConvolutional Neural Network)-=

GAN(Generative Adversarial Network), SR(Super o
Resolution) 5ol thstA &&= ATH3, 4].
A2 A7t DONNG SEsoz 7@ A EW
WA slE= overlapping sum +AS | ZAE7] 9 &l J ?ij I:I
deconvolution ZHE convolution ¥H=Z W5t oecorgaten %
TDC(Transforming the Deconvolutional layer into
the Convolutional layer) €ig]&o] Aot A3 i
a3 AekE DCNN 3=9o] F+FoAE TDCE (98 1) TDC ¥¢xug&
CPU(Central Processing Unit)® <335}7] wj&ol
Arke] HA3ErE offrh ole] # =FolA= TDC BHom=fo A AotslE TDC st=¢lo] 7%= 1
+< on—chip HolA &40 F3st= o d 29 #onm, F4 A4 7|(Address Generator), Y
Z9o] FXE A Q) 2 Iy W EZ g (DeConv Filter Memory), 3 ZH
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3. A8 ¥ Z3t
B =FdA Atd®a TDC 747+ TDCO A&
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=2 AAsc AAg sl T
xo] A A8 A5e 918l Xilink AFe] Vivado
& AME3te] xc72020clg484-1 chipg 7]wke @ A
stgow, 4 Axe 3 13 goh m3 Aord
st=dlol 7z de #HSS sl CPUgte]l TDC
T3 AIFE vustg oy wuw Ades x 29 #
t}. CPU+= Python®
g 4A9d AFtog EE%3)

He
clock period®} (cycle+1)9d #H&

59 =Esra
A sFEdo] 2= AU AFE o] Aol AxdH
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<% 1> Vivado ¥4 A3}
Estimation
Resource LUT 29
FF 9
Static Power 0.104 W
Power Dynamic Power 0.003 W
Total On-Chip Power 0.108 W
Clock Period 5.000 ns
Timin Arrival Time 6.822 ns
g Required Time 7.270 ns
Slack 0.448 ns

<3k 2> CPUS AQbgh st=glof 7F &&= B
TDCOl A28 5= A7+
CPU(Python) 850 us (34 GHz 71%)
A <t 3t 2| 10 ns (5=0¥ )
st=glol  |Hd| 130 ns (K,=9, =14 )
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