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Algorithm: pre_nn (ds) 
Input: Dataset ds 
M  max value of integer 
yMin  dict-type which default value is m 
xMin  dict-type which default value is m 
candidate  empty dictionary 
1:  for x, y in data 
2:     if y < yMin[x] 
3:        yMin[x] = y 
4:    if xMin[yMin[x]] > x 
5:       if yMin[xMin[x]] isnot m  

and if yMin[xMin[x]] in candidate 
6:          delete candidate[xMin[yMin[x]] 
7:       xMin[yMin[x]] = x 
8:       candidate[xMin[yMin[x]] = yMin[x] 
9:    elseif xMin[yMin[x]] < x 
10:       if x in candidate 
11:          delete candidate[x] 
12:  return candidate  
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