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of wW& EDSR A5 Hlu Ax}

ReLU(7]F) Leaky ReLU Swish Mish
Scale DataSet
PSNR SSIM PSNR SSIM PSNR SSIM PSNR SSIM
DIV2K][3] 36.56 0.9407 33.71 0.9140 36.47 0.9401 36.48 0.9401
Set5[10] 38.19 0.9445 35.32 0.9237 38.19 0.9447 38.19 0.9447
2 Setl4[11] 33.95 0.8969 31.60 0.8723 33.88 0.8966 33.83 0.8965
B100[12] 32.35 0.8928 30.65 0.8683 32.31 0.8922 32.33 0.8922
Urban100[13] 32.97 0.9268 28.02 0.8583 32.77 0.9252 32.79 0.9251
Average 34.80 0.9203 31.86 0.8873 34.73 0.9198 34.72 0.9197
DIV2K 30.73 0.8269 30.74 0.8271 30.74 0.8270 30.69 0.8258
Set5 32.48 0.8686 32.55 0.8692 32.51 0.8690 32.48 0.8679
" Setl4 28.82 0.7511 28.82 0.7514 28.83 0.7513 28.79 0.7501
B100 27.72 0.7189 27.73 0.7191 27.73 0.7190 27.70 0.7176
Urban100 26.65 0.7836 26.67 0.7844 26.67 0.7841 26.55 0.7809
Average 29.28 0.7898 29.30 0.7902 29.30 0.7900 29.24 0.7885
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