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Table 1. Average Accuracy of Anomary Detection prediction Model (6 model)
QX MZFH A |

feature 19 |2k, TF, F8 2, IS Y 2E, IS Y 2k, IS HY
dataset ALL (-1A1ZH) (-2A1 2t (-3A1ZH)

RandomForest 0.8220 09140 0.9070 0.9040
xgboosting | 08888 09214 09298 08888
DNN [ 08700 09167 09060 0.8900
RNN ' 0850 | 08367 09230 09000
Auto-Encoder | 09200 09500 09300 09120
Transformer | 09100 | 08600 09400 00430
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