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Checklist Items

Check Questions

Use of multi-center
data

Are multi-center (multi-site) data used?

Heterogeneity
harmonization
(if multi-center)

Have differences across sites, time periods,
coding systems, and measurement units
been harmonized?

Missing—data
handling

Did you consider that missingness may be
MNAR rather than MCAR, and handle it
accordingly?

Data volume /
effective sample size

Is the training dataset large enough, with
sufficient coverage of state - action pairs,
including the severe cohort?

Rare-action
constraints /

Did you constrain or adjust for rare actions
(e.g., regularization, caps, re-weighting)?

adjustment

Distribution Have you visualized/analyzed the
visualization distribution of state - action pairs in the
& analysis training data?

Irregular Have you addressed irregular sampling

time-series handling

intervals (uneven measurement times)?

Distribution bias
& subgroup fairness

Are there subgroup performance/fairness
issues (e.g., by sex, age, race)?

Outlier handling

How are outliers detected and handled?
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Checklist Items Check Questions

Have you performed sensitivity analysis
for different resolutions (e.g., 1/2/4 hours)?
Have you specified the list of considered
state variables?

Have you reflected temporal and nonlinear
characteristics such as trends, variability,
and interactions?

State Representation: | Have you incorporated adverse, cumulative,
Safety and residual effects?

Action Space: | Does the action space include all core
Completeness clinical treatments?

Have you included safeguards to prevent
overdosing?

Have vyou included complications, side

Time Resolution

State Representation:
Variable List

State Representation:
Complexity

Action Space: Safety

Reward Design: . !

. effects, resource constraints, and economic
Complexity costs?
Reward Design: | Are the clinical goals agreed upon with
Safety medical staff reflected?

. . | Have you reported the trade-offs between

Reward Design: e
L h e short-term stability and long—term
Short - Long Balance outcomes?

4.3. Offline-RL Il &H
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Checklist Items Check Questions

Have you suppressed out-of-distribution
actions?

Have you quantitatively reported uncertainty
in state - action pairs?

Have you used at least two or more offline
policy evaluation methods?

Have you confirmed generalizability through
validation with external datasets?

Outlier Suppression

Uncertainty
Reporting

Multiple OPE

External Validation

m
[

I

44, MM - AHEIISME-ZAHM

—_ - o = o o o

- 823 -



=
N
Nl
2
>
ol
rlr
o
b
o
ulss
oz
o
tl
AW
i
i
N

i)
o
)

i 52
o2 M
N

o,
a
N O?E,

S
3{_:
=

= =

o o
—l (

I o
>
2

o yo 4
&
NS
o
2o
AV N
ANl 2 oo ol
Aol ot Ok TN o oy B ool oo §

> oo
2

o J
Y
( 01_',
8

N
N
>
2
o
>~
>
o
P 2
of
E=)
%
i)
2
T

£ o

r
‘
[

k)
o,

of\ o
o
ol
ol

N

52
o
s
(]
o
o]
k)

2] = A

ot

o Jm & K
ol
I
of\ m
o
Ac)
A,
2
o
o
O
i
rob
>
£
N

% ool

WAk, Aol oglel okt TS

wgst=A 438 et Ao

<

=]

4> A e - w R Sl

Checklist Items Check Questions

Clinical Can the recommendation be justified through
Relevance case-based explanation or highlighting specific
& Explainability importance?

Guideline Does  the recommendation conflict — with

Consistency international clinical guidelines?
Action
Distribution
Consistency

Does the distribution of recommended actions
align with real-world physician practices?

Have you evaluated performance separately
Ethics across subgroups (e.g., gender, age, race) and
& Fairness ensured no unfair risk occurs in specific
subpopulations?

Have you validated the policy’s alignment with

medical intent and appropriateness using
methods such as IRL(Inverse-RL)?

Policy Intention
Validation
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