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Precision T Recall P
0.6153 0.5982
0.5184 0.5446
0.6636
0.6818

F1-Score
0.5935
0.5112

Accuracy T
0.5982
0.5446
0.6636
0.6818

0.6589 0.6657

Extended E-LoRA-ViT 0.6751 0.6751
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