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bottom-right*
(from bbox coordinates)
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Prompt Template Definition

Instruction: You are an expert in shipyard process analysis. Evaluate the caption's
quality based on the image.

Evaluation Criteria:
1, Accuracy (Factual Correctness)
2. Detail (Level of Detail)

3. Expertise (Domain Appropriateness)

Output Format:
Score: [score]/10 | Rationale: [A brief one-sentence justification]

l

Few-shot Example

Example Input: Image: [Gantry crane moving a block], Caption: 'A large crane is
moving a metal object.’

Expected Response: Score: 6/10 | Rationale: Lacks detail and professional
terminology.

Actual Interaction
Agent Input: Image: [Actual Test Image], Caption: '{Generated Caption}'

LLaVA Response: (e.g., Score: 9/10 | Rationale: ...)
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Qualitative Comparison of Captioning Models

An industrial yard with a forklift, a truck, and stacks of metal

Pre-trained Model besine,

In a shipyard's material storage area, an orange forklift is
positioned near a white truck, while various steel sections are
organized in the background.

SFT Model

A forklift and a flatbed truck are staged in a shipyard's block
fabrication yard, prepared for material handling. In the background,
numerous steel profiles and fabricated parts are methodically
arranged, awaiting transport to the assembly area.

Proposed Model (DPO)
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