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Product Code: MIK-100

Key Features: High integration density of MPPA
— Excellent peak performance

Process: 4nm low-power customized process
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— On- Spot vCPU Mem Network Storage
Name | TP | Demand | VM | @ | (GIB) ‘ (Gbps) | (Ghbps)
— - > gisluarge| GPU 0.75 0225 1 305 -10 N/A
(Serialized ML Training Steps) Ve pidnxargd GPU | 0526 | 0.1941 ] 16 o5 3%
g5xlarge | GPU 1006 | 0.3018 1 16 - 10 -35
A pixlarge | GPU | 02704 0.225 i & High 0.75
Dats Loadine pZadamge| GPU 7.2 52 158 10 -5
ete Zoecno p2-16xlarge  GPU 4.4 3] 73z 25 -0
clxlarge | CPU .21 01281 Fl 7.5 Moderate MA
cixlarge | CPU | 0.199 | 0.1257 1 75 High 075
tixlarge | CPU | 01664 | 01033 4 18 -5 N/A
Data Loading Saved Time c5alarge | CPU 0.17 0.0959 1 B - 10 - 475
— méixlarge | CPU 0,192 0,12 4 16 - 12.5 - 10
g dd.xfarge | CPU 0499 | 01584 i 32 - 15 (1.5
— — —> conxlarge| CPU 0216 0127 1 105 - 25 ~475
{Pipelined ML Training Steps) Time chinxlarge| CPU | 0.2268 | 0.1272 1 B —an BT
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Hardware Solution

The memory server acts as an intermediate server for ML
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Responsible for data prefetching and preprocessing.
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AD102 and GH100 Renderings from Nvidia X s0TERIA
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Nvidia Ada Lovelace AD102 Nvidia Hopper GH100
4N TSMC 4N TSMC

608.44 mm2 w/o scribe lines (official)
76.3B xtors, 125.4 MTr/mm?2

814 mm2 w/o scribe lines (official)
80B xtors, 98.3 MTr/mm?2




