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3.1 Front—End (React Native)

- 416 -



ACK 2024 sh=ttxr

(2% 2) Front—End 34
ANEEAelde] #F TE2 E}'W 2ok AR, AeRE 359749
I, A2 o]g o2 AR F 2acldth 210 T E sy
A g WMES BA s shdErt @std. B4, AHEA7E 3 AR
= ST olu X = YOLOv8 Edl2 Auslo] o3& 3}
AR, mdo] oluA & At 3] FTHE oI5 Ayt spde] mAHE
F AR REST APIE %
HelHE AFata o &
5 H REe FuldR v
Ass Mg o] HAS AREAE
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