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Self-Study 1: #Decoders

Performance of various number of decoders

GoPro Complexity™
Method  —5eqR— T SSIM | Params : GK/IACS
U-Net 30.61 0.9458 4.92 637.93
| U-Net?P 30.90 0.9489 7.42 1059.77|
U-Net’P 30.99 0.9496 9.92 1431.61
U-Net*P 31.04 0.9506 12.42 1803.45

* The number of parameters is measured in million.

* GMAC:s 1s estimated for the input size of 720P.



Signal Power of 1}

Self-Study 2: Consistency

Randomly divided the GoPro training DB into three and trained 18 models

(six models for each divided DB) for 900 epochs using random initial weights

with different seeds

Signal power of f; and r; for different degrees of blur:

from 0° (horizontal) to 90° (vertical).
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. Color Shift

Self-Study 3
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Self-Study 3: Color Shift
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Self-Study 3: Color Shift
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v Various number of decoders and their performance.

(The radius of the circle indicates GMACs of the network.)
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Self-Study 3: Color Shift
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Effectiveness of the proposed approach on the state-of-the-art network
(The radius of the circle indicates GMACs of the network.)
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PSS-NSC: Gao et al., "Dynamic scene deblurring with parameter selective sharing and nested skip connections," CVPR 2019.
DMPHN: Zhang et al., "Deep stacked hierarchical multi-patch network for image deblurring," CVPR 2021.
MSCNN: Nah et al., "Deep multi-scale convolutional neural network for dynamic scene deblurring," CVPR 2017.
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Gao et al., "Dynamic scene deblurring with Park et al., "Multi-temporal recurrent neural Cho et al., "Rethinking coarse-to-fine
parameter selective sharing and nested skip networks for progressive non-uniform single approach in single image deblurring," ICCV
connections," CVPR 2019. image deblurring with incremental temporal 2021.

training," ECCV 2020.
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