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2.1 CNN(Convolutional Neural Network)
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improve image classification accuracy

Image classification model utilizing text to
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2.2 LSTM(Long Short-Term Memory)

H

A RE o &

o

JTh[1] 22 7]

A},
t}[2]

So] EHel Bgol
o] M7t

=
=

SR

A% olv] A

=]
o

1o

o]%

A A= A

H2ast7] ¢l

9]

=
=

Al

j=
fLE

OEX:

)

—
fi%e)

el

3|

—_
N
_ZT

o]

oo
oW

= oFel A



Foldt BaE AuE #eer] 99, o
WAsh wAE A, FA 5o BiE HolHE of

s @) sted Au
BE ONN @ ddstel Agdow ol ¢

input: | [(None, 64, 64, 3)]
output: | [(None, 64, 64, 3)]

l

input: | (None, 64, 64, 3)
output: | (None, 61, 61, 32)

l

MaxPooling2D

inpui_L | InputLayer

conv2d | Conv2D

(None, 61, 61, 32)
(None, 30, 30, 32)

inpu:

max_pooling2d

output

input: | (None, 30, 30, 32) input: | [(None, 100)]
convad_l | Conv2D input_2 | InputLayer
output: | (None, 27, 27, 16) output: | [(None, 100)]
input: | (None, 27, 27, 16) input: | (None, 100)
max_pooling2d_1 | MaxPooling2D beddi Embedding
output: | (None, 13, 13, 16) output: | (None, 100, 50)

\

input: | (None, 13, 13, 16) input: | (None, 100, 50)
flatten | Flatten | Istm | LSTM
output (None, 2704) output: | (None, 1024)
G input: | [(None, 2704), (None, 1024)]
output: (None, 3728)
input: | (None, 3728)
dense | Dense !
output: | (None, 1480)
input: | (None, 1480)
dense_| | Dense
output: | (None, 512)
input: | (None, 512)
dense_2 | Dense
output: | (None, 256)
input: | (None, 256)
dense_3 | Dense
output: | (None, 10)
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