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Humidity Temperature MQ139 TVOC eCO2 Ilabel

0 59.6 249 363 8849 22325 2
1 392 221 72 135 442 0
2 8§95 249 378 10019 23634 2
3 63.5 241 138 496 567 0
4 61.0 21.9 82 5 400 0
11792 61.6 217 81 8 404 0
11793 39.9 217 133 564 1956 0
11794 66.1 209 99 164 525 0
11795 62.8 240 119 201 400 0
11796 62.8 238 117 209 486 0

11797 rows x 6 columns
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