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Multi-axial slicing and 3D Reconstruction

DSC Recall(%) Precision(%)
Sagittal+Frontal 89.09 88.72 89.60
Frontal+Transverse 90.29 89.74 90.72
Sagittal+Transverse 89.56 89.09 89.94
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Multi-axial slicing and 3D Reconstruction

DSC Recall(%) Precision(%)
Average 90.29 89.74 90.72
Min 88.71 87.56 88.42
Max 93.26 92.23 92.34
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