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Accuracy Recall Precision | F1-Score
CNN 0.66 0.68 0.67 0.67
ResNet-50 0.34 0.37 0.34 0.35
VGG-16 0.76 0.74 0.75 0.77
“Inceptionv4 0.92 0.90 0.90 0.90
‘Inceptionvé=InceptionResNetv2
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Accuracy ‘ Recall ‘ Precision | F1-




Score

couple 0.94 0.85 0.85 0.90
family 0.83 0.83 0.95 0.89
female_friend | 0.88 0.88 0.92 0.90
female_solo 0.95 0.95 0.93 0.94
male_friend 0.83 0.83 0.83 0.83
male_solo 0.92 0.92 0.92 0.92
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