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Feature Accuracy F1-Score
STFT 0.732 0.707
Spectrogram 0.744 0.717
Mel-Spectrogram 0.734 0.709
Early Fusion 0.755 0.727
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Model Accuracy F1-Score
ResNet50 0.971 0.971
DenseNet121 0972 0.972
EfficientNetV2s 0972 0.972
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