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Feature-map clustering Algorithm

Input : Feature-map

Output : Useless Filter Index
Variable:

F=filters
S = Pruning Level
MG=Mean of Pixels Values on Ground-truth

VG=Variance of Pixels Values on Ground-truth

MB=Mean of Pixels Values on Background
VB=Variance of Pixels Values on Background
K=The Number of Centers

n

K= ZF— Y FxS

i=0 i=0
Feature = (MG, VG, MB, VB)
do K-mean++
for 0 to Labeled Groups
if Max.VG == F,.VG

Pruning except F;
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