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before the foundation can be done contractors are typi-
cally required to verify and have existing utility lines
mark either by the utilities themselves or through a
company specializing in such services. this lessens the
likelihood of damage to the existing electrical water
sewage phone and cable facilities which could cause
outages and potentially hazardous situations. ... (& =)

Context

Having existing utility lines marked lessens the likeli-

Qo hood of what?

Target damage

before the foundation can be done contractors are typi-
cally required to verify and have existing utility lines
marked either by the utilities themselves or through a
company specialising in such services. this lessens the
likelihood of damage to the existing electrical water
suidgee foam and cable facilities which could cause
outages and potentially hazardous situations. ... (& =)
</s> | have noticed that more damage is done to the
existing electrical water suidgee foam and cable facili-
ties than an to the existing electrical wires themselves.
</s> 1. A method to improve the flow of heat energy in
a heat engine having a cooling jacket, in which heat
energy generated bythe engine is removed from the
cooling jacket, said method comprising the steps of :
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