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Panoramic image in current state
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Top-down view of navigation trajectories
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Top-down view of navigation trajectories
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Algorithm 1 Algorithm in Pre-exploration

1 envs = All environments in R2R data

2 for e in envs:

3 for sl in states(e):

4 for s2 in states(e):

5 path = dijkstra(sl, s2)

6 if 1 < len(path) and len(path) < 8:

7 key = cv(path[0], path[1])

8 value = Ip(path)
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