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Improving Trajectory Pattern Prediction Model
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Algorithm 1 Bayesian Optimization’s algorithm
1: procedure BAYESIANOPTIMIZER(f, A; N)
2 set A\; and compute f(\;)
8: fori=1,...,N do
4 SurrogateModel (f, { (A1, f(A1)), .oy (Nis f(X))})

5: Ni41 < AcquisitionFunction(SurrogateModel)
6: compute f(Aiq1)

T end for

8: Ax <= arg max, (f(N))

9: return A\x

10: end procedure
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