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Abstract—Non-orthogonal multiple access (NOMA) is a tech-
nology proposed for next generation cellular networks because
of its high spectral efficiency and enhanced user connectivity.
However, in the literature the optimal joint power and sub-carrier
allocation for NOMA has been proposed for single cell only.
Consequently, a global optimal algorithm for the joint power and
sub-carrier allocation for NOMA system in multi-cell scenario
is still an open problem. In this work, we propose a polyblock
optimization based algorithm for obtaining a global optimal solu-
tion. It has reduced complexity due to a necessary and sufficient
condition for feasible successive interference cancellation (SIC).
Besides, we can adjust its optimization approximation parameter
to serve as benchmark solution or to provide suitable solution for
multi-cell multi-carrier NOMA systems. Numerical studies have
shown its effectiveness.

I. INTRODUCTION

Orthogonal frequency division multiple access (OFDMA) is
the downlink multiplexing scheme adopted by 5G New Radio.
In each cell, every sub-carrier is allocated to at most one user
such that intra-cell interference is almost suppressed. However,
OFDMA is known to be sub-optimal in spectral efficiency [1].
Power domain non-orthogonal multiple access (NOMA) is a
capacity-achieving multiple access scheme based on succes-
sive interference cancellation (SIC) that has been proposed
for future mobile networks. In NOMA, unlike orthogonal
multiple access (OMA) such as OFDMA, each sub-carrier can
be allocated to possibly more than one user; multiple users
with diverse power levels can be accommodated in the same
resource block with the aid of superposition coding and SIC.

The intra-cell interference occurs since multiple users in the
same cell can be allocated with the same sub-carrier. Note that
the resource allocation optimization problem for single cell
NOMA has been addressed extensively in the literature, see
e.g., [2], [3] and the references therein. In this paper, we would
focus on the optimization problem for multi-cell NOMA. We
consider a frequency reuse-1 system, i.e., every cell shares the
same sub-carriers when performing NOMA, resulting in inter-
cell interference. The presence of inter-cell interference with
intra-cell interference in such multi-cell NOMA system makes
the resource allocation problem more difficult.

In [4], the authors addressed the uplink precoder design
optimization problem for multi-cell MIMO-NOMA and per-
formed sum rate maximization using an approximate algo-
rithm. In [5], [6], the authors employed monotonic optimiza-
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tion based methods which aim to reach a global optimal
solution. The paper [5] addressed the global optimal power
control problem in wireless networks over multiple interfering
links. In [6], the power and sub-carrier allocation problem
for sum-rate maximization in multi-cell OFDMA systems has
been investigated.

In [7], the authors consider a multi-cell single carrier CoMP-
NOMA system and provide a power allocation solution. In [8],
the power minimization problem for a downlink NOMA multi-
cell system subject to user minimum data rate requirement
is addressed. However, the sum rate maximization problem
is not investigated. In [9], heuristic algorithms for the power
allocation in multi-cell multi-carrier NOMA systems for sum
power minimization as well as sum rate maximization have
been devised.

To the best of our knowledge, so far no one has proposed a
global optimal solution for the multi-cell multi-carrier NOMA
join power and sub-carrier allocation problem for the sum
rate maximization. Here, we aim to solve the above problem.
We propose a polyblock optimization based algorithm, which
has been used extensively in many resource allocation prob-
lems, see e.g., [5], [6]. We extend this method to solve the
NOMA joint optimization problem in multi-cell setup. In the
meantime, we derive the necessary and sufficient condition for
feasible SIC in multi-cell NOMA, which can be used for the
class of problems to reduce the optimization complexity.

II. SYSTEM MODEL AND PROBLEM FORMULATION

We consider a multi-cell multi-carrier NOMA downlink
system, which consists of K base stations (BS) denoted by the
set KC. The set of users served by a BS k£ € K is denoted by
M, (with cardinality M, = | My]). There is a total number of
L sub-carriers denoted by the set £. We consider a frequency
reuse-1 system. If a sub-carrier [ is allocated to user u by BS
k, where u € My, we set aj, , = 1, and aj, , = 0 otherwise.
Let péc’u > 0 be the power allocated by BS k to user u € My
on sub-carrier [ and pfc be the total power transmitted by BS
k on sub-carrier [, i.e., pfg = Zue/\/lk pfcju. We define vector':

IFirst, we fill all the entries of the first BS, followed by the entries of the
second BS and continue until the last BS. Among the entries of each BS, first
we fill the entries corresponding to the first sub-carrier, followed by the entries
of the second sub-carrier and continue until the L-th. Among the entries of
each sub-carrier of a BS, we fill the entries corresponding to all its users.
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We have af,,, € {0,1}, for all k € K,u € My,l € L. We
define a vector p and order the p?u, for all ke L,u €
M, l € L, in the same manner. Both a and p have length
equal to Zszl My L.

We consider the use of an SIC based receiver. Such
a receiver is characterized by its decoding order of the
received signals. The decoding order among the users of
BS k on sub-carrier [ is defined by the vector 7l =
(mt (1), 7 (2),- -+, 7t (My)), where wl (i) is the i-th user to
be decoded. In particular, user 7 (i) is able to decode and
subtract the signal of users 7t (1) to 7k (i — 1) and treats the
signal from users 7%, (i41) to 7k (M},) in cell k on sub-carrier [
as interference. Notice that there is also inter-cell interference,
which should be taken into account when other cells are using
the same sub-carrier. The vector wfc can thus be seen as a
function which maps the decoding order to the user index.
Using this formalism, (ﬂ'i,)_l is the inverse function, which
maps the user index to the corresponding decoding order.

1 2 L
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With the above notations, the signal-to-interference-plus-
noise ratio (SINR) for a user u served by a BS k on sub-carrier
[ can be written as:

ol
')/l _ gk:,upk,u
ku ™ S~ M, 1ol 1o 1

Zi:(ﬂi)—l(qu gk,upk77r5€(i)+ Zjelc\{k} 95,ulit Nk,u

ey

where gt , is the link gain between BS k and user u on sub-

carrier [, and N,i . 18 the power of the noise for user u in

cell k£ and sub-carrier [. For the simplicity of discussion, in

this paper, we would assume that the noise power is constant
across users, sub-carriers and BS, i.e., N = N.

We construct a vector « from the %, in the same manner as

we did for a and p. We thus have the three following vectors:

l

p é [pk,u]kEK,leﬁ,UEMka (2)
a = [ai,u]keic,zez:,uemk, 3)
v 2 [halkexics,uems- “4)

s

The maximum transmit power of a BS k on sub-carrier [ is
denoted by pj, such that we have the following constraint:

0< Y phy <PhVkeK,leL
u€ My,

®)

We denote the maximum total transmit power of a BS & for all
the sub-carriers by pg, so that we have the following cellular
power constraint [3]:

0< Y ph <pr.Vk K.
leL

(6)

Because of SIC practical constraints due to decoding com-
plexity and potential error propagation, we consider that there
is a limitation on the maximum number of users that we can
multiplex in each sub-carrier, denoted by M, i.e.,

S d,<MVkeK.leL
uEMy

)

A. Conditions for Feasible SIC in Multi-cell NOMA

We consider a fixed rule for the SIC decoding order and
follow the same SIC ordering as it is done for single cell
NOMA? in the literature [1]: users are sorted in the increasing
order of their link gains; a user with the smallest link gain
is decoded first, whereas a user with the largest link gain is
decoded last. That is, a weak user (a user with lower link gain)
decodes its signal and treats all other signals as interference,
while a strong user (with higher link gain) can first decode a
weak user’s signal to remove it and then decodes its own data.

Nevertheless, a constraint arises on the SIC ordering, which
is specific to multi-cell scenario and a condition for SIC to be
feasible. Consider the following example, a system with two
cells and each cell with two users. Let’s call the two users in
cell 1 as user 1 and user 2, while the two users in cell 2 as user
3 and user 4. We do our analysis by considering that they are
co-channel interferers (says [ = 1). The power allocated for
these users are pj |, pi 5, P 3 and p; 4, respectively. Consider
that g{, > g1, and g3, > g53. Before SIC, the SINR

1 1
. g P .
for user 1 is ——— >==+-—— and the SINR for user 2 is
91,1P1,2 92 1P2+N
1 1
91,2P1 2

121, according to (1). After SIC, the SINR for
91,21”1,1‘5.‘92,2P2+N .

user 1 (i.e., weak user) would be the same,lwhllle the SINR for

user 2 (i.e., strong user) would become G12P12

. 52,2P2+N .

can first decode user 1’s signal and then remove it. However,

note that user 2 can only decode user 1’s signal from the

received signal if and only if the following condition holds:

912P11 91,1911

I’ ) ) 9 (8)

9ioPia+ 93205+ N~ gl plo+g5 03+ N

since user 2

By simplifying the above expression, we can obtain (g1 53 ; —
91.1952)P5 + (912 — 91.1)N > 0. We state the above obser-
vation for general setting as the following theorem.

Theorem 1. For any two users in My, served by BS k on a
sub-carrier | such that gfc.l < 95972’ a necessary and sufficient
condition for user 2 (a strong user) to be able to remove
user 1’s signal (a weak user) is given by:

Z (912,295,1 - 92,195,2) P+ (92,2 - 92,1) N > 0.
1€ \{k}
&)

Proof. If a BS assigns power p to a user, then the achievable
g-p
Not1o
all the interference seen by a user « and N, is the power of
an additive white Gaussian noise at user x. Let us consider
two users indexed as 1 and 2, who are served by BS k& on

sub-carrier [, and g} | < g ,. The achievable rate at user 1
: S

rate at the user is given by log (1 + ), where [, denotes

l
is given by R; = log (1 + Sl ) Similarly, the achievable

[
9k 2Pk 2

rate at user 2 is given by Ry = log (1 + TN ) With SIC,
denote the SINRs of users 1 and 2 by «y; and 72 such that

ol
9k1Pk 1

Gin Zje/vlk,j:w;(l)ﬂ pg{t,j + 2 iex\ (k) giph+ N

1=

2This means that we do not optimize the SIC ordering for multi-cell. This
aspect is known to be an open problem and left for future work.
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Ik, Zje/vlk,j:w;c(i)ﬂ Pl T 2ier\qry 9i2Pi + N
As the SIC order is as such that user 2 should be able to decode

the data of user 1, 5 has to be greater than or equal to 71,
i.e., 72 — 71 > 0, which leads to (9) after simplification. [

Yo =

Following the result of Theorem 1, we can see that for sub-
carrier [ and BS k, there are My, — 1 corresponding constraints
(necessary and sufficient condition) for SIC to be feasible and
hence a total of Zszl L(My, — 1) constraints for a multi-cell
multi-carrier NOMA system.

Consider that p; and p2 are two power vectors as in (2).
If p; satisfies (9), then any vector py, which is coordinate-
wise lesser than p;, may not satisfy (9). The second term
in (9) is always non-negative since N is positive and gk 9 >
gk 1> with the chosen decoding order. If (g,C 292 1 gk 191 2)
0,Vi € K\{k}, then every p > O satisfies (9). Note that 0
is a zero vector of the same size of p and the inequality is
coordinate-wise. In Section IV, we conduct a simulation to
show that the assumption (g, 59! | — g}, 9% ») > 0 is generally
true with high probability in practical reference scenarios.

B. Problem Formulation
The optimization problem is formulated as follows:
mac Y03 Yk, lox(1+4h,)
kEK ueM;, lEL
(5), (6), (7), (9)

where the constraint (5) ensures that powers are non-negative
and the per sub-carrier power constraint is met, (6) is the per
BS power constraint, and constraints (7) and (9) are due to
SIC. The objective function (10) is the sum rate for multi-cell
NOMA. Since aj, ,, € {0,1}, we can also write (10) as:

max log H H H (1+ ah Vi)

ke ueMylel

(5), (6),(7), (9)-

(10)

subject to

(1)

subject to

III. OPTIMAL POWER AND SUB-CARRIER ALLOCATION

In this section, we propose an algorithm to solve the above
problem. We start with the preliminary definitions and results.

Definition 1 (Normal Set). A set A C RY is a normal set if
for any x € A, {x' € RY|x' <x} C A where the inequality
is component-wise.

Note that the intersection and the union of normal sets are
normal.

Definition 2 (Box). Given any vector x € R, the hyper
rectangle [0,x] = {v|0 < v < x} is called a box.

Note that a box is a normal set.
Definition 3 (Monotonic Optimization). A monotonic opti-

mization problem is a class of optimization problems:

max f(x) (12)

subject to x € A

where [ is an increasing function, A is a normal set.

A. Monotonic Optimization

Following the approach proposed in [5], we replace the
expression (1 + af, ,7f.,,) in (11) by a new variable zj ,, and
re-write (11) as:

!
max  log H H Hz,w (13)
kEK ueMy LEL
subjectto z € Z
where z is the vector that comprises all the 2§ ,. Some-

times, we may simply write z; for its :-th component, where
i =1,2,..., MKL. We call this vector as the SINR vector.
Let Z be the set of all possible z. Let z* be an SINR
vector solution of (13), and a* and p* be the corresponding
power and SINR vectors respectively. Let [NV; be the number
of components of z* which take the value greater than 1,
where 0 < Ny < MKL. When a component z* is 1, the
corresponding components of a* and p* take the value 0.
When a component of z* is greater than 1, the corresponding

component of a* would take the value 1. We rewrite 1 + 'V/lc,u

as %, where f; and g; represent the linear functions of

p corresponding to the i-th component of z. Thus, we get
N7 linear equations of the form z;g9; — f; = 0, Vi, such that
z; > 1. The coefficients of ¢; and f; are all independent
random channel gains and we can show that with probability
1, all N; linear equations are linearly independent, implying
that there is a unique p for every z. The corresponding p for
every z € Z must satisfy (5), (6), (7), (9). Thus, from the
optimal solution z* of (13), we get the optimal user allocation
a* and optimal power allocation p*. We state and prove the
following lemma.

Lemma 1. [If there exists two SINR vectors z1 and zs such
that z1 < Zo, then the corresponding power vectors py and
P2 must satisfy the relation p1 < pa.

Proof. Let 7 be the set which stores those indices of zo; where
it takes the value 1, ie., 7 € Z if z9; = 1. As, zo > 71, the
elements of z; corresponding to the elements of Z also take the
value 1, i.e., z1; = 1, Vs € Z. Thus, the corresponding elements
of both p; and p, take the value 0 and for those elements the
statement of lemma holds true. Let Z' be the set which stores
those indices of z, where it take the value greater than 1, i.e.,
i €T if zo; > 1. In the following, we prove the statement of
the lemma for these elements by contradiction. Let us assume
that Z~ be the set which stores the indices for which P1i = P2i
holds true. We define a real number a and an integer «, which
are max;e7 £l and arg max;c7~ b1, respectively. Now, let

1€L
us assume that Z' be the set Wthh con51sts of all the indices
of power vectors, for which the corresponding elements of the
power vectors appear in the denominator of the a-th element
of SINR vector. We define another real number b which is
max; ez p 1. Note that a > b. From the definition of z;, we
know z; = 1 + ;. We define mtp as the summation of all
interference signals term in 7; and sig? as the desired signal
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term in y; corresponding to power vector p. We consider both
the case of b < 1 and the case of b > 1. When b < 1,

s1gP1 L a sigP?
Sy Ty bint® + N
2 Sigpz
> e (14
S 2a (14)

which contradicts the assumption that zo > z;. A linear
combination of all the elements of py corresponding to all
the elements of Z~ is present at tntP? and from the definition
of b the first inequality holds true. The second inequality is
true since «« > 1 and b < 1. Now, we consider the case b > 1,

s1gP? 1 a sigh?
z = —_— —_—
to mtB + N~ bintB? + N
2 a sigP? 3 s1gP2
>14 —2¢ > —7% = 2z, (15
1+ b(ints? + N) — intB? + N 20 (15)

Again, it contradicts the assumption of the lemma. The second
and the third inequalities hold true as b > 1 and a > b. O

Lemma 2. The set of SINR vectors, Z corresponding to the
power vectors which satisfies, (5), (6), (7), is a normal set.

Proof. It is to prove that if z; € Z, then every zy which
satisfies zo < z; should also be in Z. We have given an
argument before that every power vector has an one-to-one
correspondence with every SINR vector. Let us assume that
the power vector corresponding to z; is p; and the power
vector corresponding to z; is p2. As z > zs, from Lemma 1
we can say that p; > p». Clearly, if p; > 0 and satisfies (5)-
(7), then py also satisfies (5)—(7). Thus, z, also is in Z. [

We propose an optimal algorithm for the problem, when (9)
holds true for any p > 0. As we have seen in the discussion
after Theorem 1 and also from simulation result Fig. 1, this
is generally true in a practical setting with high probability.
Thus, from Lemma 2, we say that Z is a normal set.

Let us define f(z) £ log erlCHueMkHlel:(Z;c,q)wﬁ'

Lemma 3. The function f(z) is Lipschitz continuous.

Proof. 1t suffices to show that f, (x) = log(II?_, x;"*), where

prove this by mathematical induction.

For n = 1, let 1y > 1 and x2 > 1 be two scalars and a
weight w; > 0. Recall the well-known logarithmic inequality
logz < (z—1), for z > 1. Without loss of generality, assume
that z1 > z5. Thus, we have:

()
log | —
T2

wy
= —|z1 — 22| < wifra — 71
To

|f1(71) — fi(z2)] =

z
— -1
T2

< wy

We now assume that f,,_1 is Lipschitz continuous with
constant k,,_1 > 0. Consider two vectors x; and x5 in R",
where the coordinates x; ; > 1 and x5 ; > 1, Vi. Without loss
of generality, consider that z1 ,, > 22 ,,. Also, assume that the
weights w; > 0, Vi. Using induction hypothesis, we have:

n n

w; wi
E logxl’i — E logxz’i
i=1 i=1

|fn(x1) = fa(x2)| =

n—1 n—1 2
< Zlogmﬁ - Zlogx;’; + |w, log =2
.7 ’ .7 ’ T2.n
i=1 =1
n—1
< (kp-1 Z |21, — @2i|) + wplT1,n — Ton| < knllx1 — X2
i=1

where k,, = max(k,_1,w,) and consider L; norm in R". [

The problem (13) is a monotonic optimization problem as
Z is a normal set and f(z) is an increasing function of z. To
solve (13), we employ the outer polyblock algorithm [10]. We
solve (13) in two steps. First, we find the optimal sub-carrier
allocation then the optimal power allocation by employing the
polyblock algorithm. We propose the following theorem which
is essential to find the optimal sub-carrier allocation.

Theorem 2. If the power distribution over all the K BS for the
I-th sub-carrier is (p%,- -+ ,pl;), then the optimal choice is to
assign all the power given to each BS to a user with the highest
link gain in that sub-carrier, i.e., let u* = arg max,, g,lg_u (with
any tie-breaking rule), then /

1 ifu=u*
l
a = 16
kyu {O otherwise (16)
and . "

. P ifu=u*
= 17
P {O otherwise. 17

Proof. Let us assume one sub-carrier allocation is as such,
says the first sub-carrier of the first BS. As aforementioned,
there are at most M users per sub-carrier due to the limitation
of SIC. Without loss of generality, let us assume that the first
user has the highest channel gain and the second user has the
second highest channel gain. We use R} to denote the sum
rate in the first sub-carrier of the above first BS such that

gilp%,l )
ZiK:2 gil,lpz1 + N
g%,Mp%,M )
Z?i;l 91 mPi; + Zszz 9top} + N
~log (9%,127%,1 + Efiz gipi + N)

Rizlog<1+ + ..+

log (1 +

ot
K
gioPii + i 9iopi + N
M K K
log (Zg%,Mpi,j + glupi + N) — log (Zgilpi + N)
j=1 i=2 i=2

K
1 (g%,lpil + im0 Giali + N)
- K
g%,zph + D ieo 91'1,21’11 +N

K K
log (910w} + > glopl + N) ~log (D glup} + N).
=2 i=2

We now show that the first term of the above expression is an
increasing function of p}’l. Let us define:

K
GiaPia + 2o iaDi + N)
= )
g%,Qp%,l + Zi:Q 91‘1,21%1 + N

Taking the derivative of the above function with respect to

f(p11) élog(
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pi.1. we have:
d(f(P%,l))
dp1
K K
gi1(9%,2pi,1 +2 i 91‘1,21’11 +N)— g%,Q(g%,lpi,l +3 i 91'1,17’11 +N)

K K
(91111 + Xi2 9i1Pi +N) X (91 9P1 1 + 2oi0 9joPf + N)

which is always greater than zero because of the SIC condition
(9). We can do the same analysis and reach the same conclu-
sion for all the other terms except the last and the second last
terms. For a given p, the second last and the last terms are
constant. Thus, at each particular iteration of the polyblock
algorithm, if the power distribution over all the BS for a
particular sub-carrier [ is (p},...,pk), the optimal choice is
to allocate all the power to the best user in that sub-carrier. [

Using Theorem 2, we can get the optimal sub-carrier
allocation. In each sub-carrier and in each BS, we choose
the user with the best channel gain to get the optimal sub-
carrier allocation a*. To obtain the coordinates of a*, which
correspond to the best channel gain user in each sub-carrier
and in each BS, we put 1, while to the other coordinates, we
put 0.

Now, we apply the polyblock algorithm to get an optimal
power allocation p* (see Algorithm 1). We first create an
initial SINR vector (see line 3), where the maximum sub-
carrier power is allocated to the active user in the sub-carrier
allocation while interference is ignored. This vector is clearly
infeasible and a box defined by this vertex covers the feasible
set of SINR vectors defined by power constraints (5) and
(6). We project (see line 8) this vector on the feasible set
using Dinkelbach algorithm [11] (see Algorithm 2). From the
projected vector, we construct new SINR vectors (see line 9)
and then remove the parent vector (see line 10). We repeat
the above procedure until the objective value of the projected
is e-close to the objective value of the projected vector (see
line 15), where € is an input parameter of the algorithm.
Since the function f(z) is a Lipschitz continuous function (see
Lemma 3), the polyblock algorithm converges to an e-optimal
solution in a finite number of iterations [12].

The projection of z in Algorithm 1 (see line 8) is performed
by the Dinkelbach algorithm (see Algorithm 2). From a
feasible power vector p, we define a vector r of length M K L,

whose components are fractions of the allocated powers:
Ty = n;/d;, Vi, (13)

where

i = Gt Pl + Thou 2oje My j—rt ()1 Pl T
Yiex\ (k) 9hubi N, (19)
di = g}, ZjeMk,j:WL(u)H P+
iek\(ky Giali TN, (20)

and ¢ is mapped to the triplet (k,u,[) corresponding to BS k,
user u and sub-carrier [.
IV. SIMULATION RESULT

In our numerical studies, we consider two neighboring
BS, with each BS having 2 sub-carriers and 3 users. The

Algorithm 1 Polyblock approximation algorithm

1: Inputs: €, g}, . Pk P} VI € L, Yu € My, Vk € K, N,

M

2: Define: f* + —oc
Initialization : For the optimal sub-carrier allocation a*,
define an SINR vector z,- such that z}, , < 1+g}, ,pr/N
if afc,u =1 and z,lvu < 0 otherwise.
V < {2a+}
fr+e —o0
repeat

Z < argmaxy_cy f(Za)

[7.(z), A]«— Algorithm 2

z; < z— (z—m,(z)) oe;, Vi, where e; is the i-th basis
vector, o is the point-wise multiplication.
10 V<« V—{z}U;z;, Vi, subject to a; =1, p; >0
1:  if f(7.(z)) > f* then
12: [ f(m.(z))
13: z* + 7,(z)
14:  end if
15: until |f(z) — f*| <e
: Output: z*

(95}

R R SAN U

[=))

Algorithm 2 Dinkelbach algorithm
1. Inputs: z, €, g ., Pk, D4, VI € L, Yu € My, Vk € K, N,
Y; :
Initialization: p < 0
Compute r corresponding to p, using (19) and (20)
repeat
A < min; ( d";)
P < argmax,cp min; n; — Ad;z;
Compute r and z using p
Output:[\z, )\

R R A A

SIC system constraint parameter M in (7) is set to 2. We
consider hexagonal cell of radius equal to 100 meters and the
users are dropped in each cell randomly following a uniform
distribution. We follow the radio propagation model of [13]
with distance-dependent path loss 128.1 4 37.6 log;, d, where
d is the distance between a BS and the user. We consider that
the sub-carrier bandwidth equals to 1 MHz while the noise
spectral density is -174 dBm/Hz.

To begin with, we show the empirical cumulative distri-
bution function (CDF) of the quantity (g} ,9!, — g} 19%2)
discussed in Theorem 1, for cell radii of lbO, 200 and 500
meters. As shown in Fig. 1, we can see that the probability
that (g,lwgﬁ~1 - 9271952) > 0 is very high for these reference
scenarios. Thus, we can suggest that with very high probability
the constraint (9) can hold for every p > 0.

In Fig. 2, we show the sum rate obtained by the proposed
algorithm with e set to 0.1, 0.5 and 1, respectively. Meanwhile,
we vary the maximum transmit power per sub-carrier value
]32. Besides, we compare with the algorithm proposed in [9],
which is a state-of-the-art heuristic optimization algorithm for
multi-cell NOMA system. Result shows that the proposed
algorithm can outperform the reference algorithm [9] and
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2.08

2.06

n n
o o
o =

Sum rate (bit/s/Hz)
n

1.98 "

—H&— Algorithm of reference [9]
1.94 . . . . | | |

6
Power in Watt

7 8 9 10

Fig. 2. Sum rate evaluation of NOMA system with varying
maximum transmit power per sub-carrier.

provide more optimal solution.
In Fig. 3, we plot the average running time taken by the
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Fig. 3. Average running time of the proposed algorithm in
comparison to that of reference [9].

cell NOMA systems. Our scheme is based on the polyblock
algorithm. It has reduced complexity due to the obtained
necessary and sufficient condition for feasible SIC. In practice,
we can further adjust the approximation parameter to serve
as benchmark solution or to provide suitable solution for
solving the multi-cell multi-carrier NOMA resource allocation
problem. Simulation result and the comparative study have

also shown the effectiveness of the proposed scheme.

proposed algorithm in parallel to that taken by the algorithm of

[9] to compare their computational complexity.® As expected,
with a larger e (which is the approximation parameter), the
time taken by the proposed algorithm would be shorter and
is getting closer to the time taken by the algorithm of [9].
However, we can see that for ¢ 0.1 to 1, overall the
time complexity of the proposed algorithm is comparable to
that of [9]. Result shows that it would be suitable to set the
proposed algorithm with a small € such as 0.1 at the reasonable
time cost for finding a more optimal solution to the sum rate
maximization problem.

V. CONCLUSION
In this paper, we have proposed a global optimal algorithm
for the joint power and sub-carrier allocation under multi-

31t is run on a laptop with Windows 10, 64-bit OS, Intel i5-4590 CPU with
16 GB of RAM. In practice, one can execute on more powerful computers.
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